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Introduction

In 2009, The Daily Beast published the article titled “The Gig Economy.” Tina Brown begins the
article with the following words: “No one | know has a job anymore. They've got Gigs.” She
describes “gigs” as short-term, free-floating projects, consulting assignments, part-time jobs
that people collect like squirrels gather nuts- just to make it through the end of the month.
Brown also notes that “gigs” were nothing new for low-income workers, but they were new for
those who once believed that a university degree was a guarantee of employment stability:
“Welcome to Gigonomics.”

The word “gig” emerged in English in the early 20th century within the artistic sphere. Jazz
musicians used the term gig to refer to live, one-off, or independent performances. Accordingly,
the term gig is well-suited to a business model based on short-term, task-based labor. Platform
work is often portrayed as the future of labor- flexible, with broad worker autonomy and
minimal employer oversight. The worker seemingly has the freedom to choose when and
where to work. However, the question emerges: What happens when an algorithm enters the
picture, bringing with it mechanisms of control?

Flexibility, which at first glance appears to be an advantage, in reality gives rise to uncertainty
and the risk of poverty. Income instability, lack of social protection, and undefined working
hours create a new yet familiar form of precarious labor. This is not solely a challenge of the
digital age. The fissurization of labor and the shifting of responsibility and risk from employers
to workers began long ago, and today, under platform labor conditions, we are witnessing a
new dimension of this process (Hacker 2016; Weil 2014; Veen, Barratt, and Goods 2020; Rubery
et al. 2018).

This study is a systematic literature review that explores how real worker autonomy and process
flexibility truly are when labor is governed by algorithms. It is an attempt to view platform work
not only as a product of technological progress but also as the outcome of long-term structural
changes.

The article is structured into three parts. The first section discusses the typology of platform
work and its key characteristics. The second part examines the mechanisms of algorithmic
management and their impact on workers” autonomy. In the third section, we analyze the
precarious nature of platform labor as a phenomenon shaped by systemic and long-term
structural transformations in the world of work.



1. What Is Platform Work?

The on-demand economy, also known as the gig economy, is a system that enables access to
various services through digital platforms (Harris 2017; Duggan et al. 2020). Within the gig
economy, there are different typologies of platform labor; however, De Stefano (2015)
identifies: remote (non-localized labor, also known as crowd-work) and app-based (on-demand
work) labor. In the first case, the client and the worker can connect from anywhere in the world.
App-based labor, on the other hand, is localized and includes services such as transportation,
cleaning, and delivery, meaning it requires both the worker and the customer to be physically
present in the same geographic area.

A platform enables an unlimited number of users to place service requests, which are then
matched to individual workers by an algorithm (Duggan et al. 2020).

Thus, there are three key actors in platform labor: the worker - a person whose compensation
is tied to individual tasks; the user - a person who needs a specific service; and the platform -
whose algorithm connects the worker and the user.

Within this “triangle,” the platform is positioned as an intermediary. This allows companies to
avoid employer responsibilities while shifting economic risk onto the workers, leaving them
without employee status or the corresponding social protections (Veen, Barratt, and Goods
2020; Stewart and Stanford 2017; De Stefano 2016; Rubery et al. 2018).

This model of redistributed responsibility transforms not only the legal nature of labor relations
but also the daily work process itself, now governed by algorithms. This further intensifies
uncertainty around working conditions and creates a unilateral mode of control (Kellogg,
Valentine, and Christin 2020; Griesbach et al. 2019; Rosenblat and Stark 2016).

The following section describes the specific features of algorithmic management and its impact
on workers.

2. Algorithmic Management

In recent years, companies have begun using algorithms to manage work processes. An
algorithm is a computer-programmed set of pre-defined rules that transforms data into desired
outcomes (Kellogg, Valentine, and Christin 2020). Rather than repeating the same rules,
algorithms adapt during operation — they rewrite their own code based on new data, generate
new rules, and continue functioning accordingly (Won, Lee, and Lee 2023).

Algorithmic management refers to the supervision, control, and regulation of labor through
artificial intelligence algorithms — including worker surveillance and tracking, as well as the
evaluation of their actions and task performance (Won, Lee, and Lee 2023; Kellogg, Valentine,
and Christin 2020; Wood et al. 2018; Griesbach et al. 2019). Self-learning algorithms replace



human managers and allocate tasks based on data collected through continuous surveillance
of workers (Duggan et al. 2020).

The absence of a direct human supervisor may appear to grant workers a degree of autonomy.
In localized gig work, autonomy typically means that the worker is free to choose when to work,
which orders to accept, and which to decline (Wood et al. 2018). This perceived flexibility is
precisely the feature companies use to attract workers (Rani and Furrer 2021). However,
research has shown that algorithms manage the labor process with greater scale and precision
than any human could, raising serious questions about the reality of such autonomy. Griesbach,
et. al.(2019) even refer to this level of control as “algorithmic despotism.”

In the following subsection, we draw on the typology developed by Kellogg et. al. (2020), who
identify three core mechanisms of algorithmic control: a) algorithmic direction, b) algorithmic
evaluation, and c) algorithmic discipline.

Additionally, Veen et. al. (2020) emphasize the algorithm’s opacity and the informational
asymmetry that pervades algorithmic management. For a more comprehensive analysis, these
dimensions will also be considered to better understand how algorithmic control affects worker
autonomy.

2.1. Mechanisms of Algorithmic Control
2.1.1. Algorithmic Direction

One of the key methods of algorithmic control is algorithmic direction — the process through
which algorithms guide workers by determining what tasks need to be completed, in what
order, and within what time frame. To do this, the algorithm employs both recommendations
and constraints (Kellogg, Valentine, and Christin 2020).

While the algorithm presents tasks as optional suggestions, in practice, it often dictates the
“correct” course of action (Goods, Veen, and Barratt 2019). This guidance is implemented
through various mechanisms. For example, some localized platforms do not allow workers to
see the final destination of an order before accepting it. Drivers or couriers only learn the
destination after they have agreed to the task (Rosenblat and Stark 2016). Additionally,
algorithms automatically increase pay rates in areas or times of high demand — a psychological
nudge designed to ensure that workers are active in the right place at the right time (Gandini
2019). Some platforms also send normative messages in a playful, informal tone to influence
worker behavior and boost engagement (Veen, Barratt, and Goods 2020). In all these cases,
algorithmic direction blurs the line between freedom and instruction, shaping worker decisions
while preserving the illusion of autonomy.

What mechanisms does the algorithm use to ensure that workers follow its recommendations,
or that service delivery consistently aligns with demand?



This is where algorithmic constraints come into play. These refer to the deliberate limitation or
partial disclosure of information to workers, designed to either encourage or prevent specific
behaviors (Kellogg, Valentine, and Christin 2020). For instance, localized platforms like Uber use
algorithmic constraints to withhold full details about shifts, ride options, or delivery
alternatives. Workers often do not have access to comprehensive information that could help
them make strategic decisions. And when confusion arises during the workflow, they cannot
directly contact a human manager. Instead, they must interact with “support teams” — typically
anonymous operators offering limited assistance (Rosenblat and Stark 2016; Kellogg, Valentine,
and Christin 2020; Calo and Rosenblat 2017).

As a result, workers’ ability to choose tasks or determine their working conditions is only
nominal. The very design of the platform limits their control over when, where, and how they
work. This infrastructure restricts autonomy and creates conditions where workers' rights and
well-being may be undermined (Tan et al. 2021; Min Kyung Lee et al. 2015). The algorithm’s
guidance increasingly resembles traditional managerial instruction, creating the distinct sense
that the worker is under continuous, if invisible, supervision (Griesbach et al. 2019).

2.1.2. Algorithmic Evaluation

Platform companies use evaluation systems to ensure uniform service for customers (Rosenblat
and Stark 2016). Algorithmic evaluation occurs in two ways: through algorithmic data collection
and algorithmic rating (Kellogg, Valentine, and Christin 2020).

The algorithm collects data on how quickly a worker accepts a task, how many tasks they reject,
their speed, fuel consumption, the time it takes them to reach the customer, and other factors
(Griesbach et al. 2019; Rosenblat and Stark 2016).

Customer feedback is a crucial component of the rating system. This introduces a new concept
into platform work — "customer-driven management." This, in turn, is accompanied by
emotional labor (De Stefano 2015; Gandini 2019). It refers to workers managing their emotions
in such a way that their facial expressions and body language are perceived positively by
external observers (the customer) (Hochschild 2012). Emotional labor was traditionally
characteristic of the service sector, but it has now become part of the platform economy.

Customer feedback, in the case of platform workers, is transformed into measurable units —
for example, the 5-star rating system. Whereas customer feedback used to be invisible to
others, the platform worker's rating now accompanies their profile and is visible to all.

An important factor to consider in the rating system is its vulnerability to discriminatory biases.
Societal racial, gender, and ethnic prejudices influence the decision-making process of
algorithms (Tan et al. 2021).



Discrimination by algorithms can occur at three stages of their functioning: data collection, data
processing, and decision-making. Algorithms learn and make decisions based on various types
of data. This includes archived data, as well as selectively collected survey data, which may
already contain discriminatory tendencies. During the analysis and preparation process, it is
essential to consider the social context and principles of fairness. Without this, the
discriminatory tendencies present in the data could be exacerbated.

Data and the resulting evaluations play a significant role in the decision-making processes of
platforms. A high rating means more work opportunities for the worker. Algorithms restrict
access to certain types of tasks or working hours for low-rated workers (Wood et al. 2018; Tan
et al. 2021). This brings us to the next mechanism of algorithmic control — algorithmic
discipline.

2.1.3. Algorithmic Discipline

Sometimes, to incentivize workers and at other times to ensure compliance with platform
demands, algorithms resort to disciplinary methods (Kellogg, Valentine, and Christin 2020).

Algorithmic replacement (Kellogg, Valentine, and Christin 2020) refers to the quick, sometimes
immediate firing and replacement of workers. On localized platforms, in case of unsatisfactory
or undesirable behavior, workers are restricted from accessing the app (Rosenblat and Stark
2016). When labor guarantees are nonexistent, and companies have almost no criteria for
selecting workers, replacing a worker who has been removed from the app is simple.

With algorithmic rewards, such as higher rates and more opportunities, companies incentivize
workers with good performance. On localized platforms, bonus systems are common (Veen,
Barratt, and Goods 2020), as well as early access to “good” jobs. Daily targets are also common,
achieving high numbers of kilometers traveled or orders delivered (Gandini 2019). Since the
rewarding bonuses are based on merit, workers fear losing them. To maintain bonuses or early
access, couriers and drivers must constantly meet the platform's demands. This, in turn,
increases competition, and the pressure also increases, reflected in their working hours. For
workers, this naturally adds additional pressure (Griesbach et al. 2019).

2.2.  Algorithmic (In)Transparency

In the previous section, we saw that platform companies provide workers with limited
information. However, informational asymmetry does not only emerge during algorithmic task
allocation- it accompanies algorithmic management as a whole.

Workers generally have a basic understanding of how tasks are assigned, pay rates are
determined, or deactivation from the platform occurs. Yet, it is common for a worker to receive
an order that, by general rules, should not have been assigned to them, or to be working under
an unexpected rate, without having been informed of the change. Sometimes, their access to
the app is restricted without any of the stated conditions being met. Workers are constantly



trying to decode the logic behind algorithmic decisions because usually they are not provided
full information about changes in the system. All of this becomes an inaccessible “black box”
(Griesbach et al. 2019), which increases stress during work (Rani and Furrer 2021).

Informational asymmetry is also evident in rating systems. Although platform companies inform
workers about the possible consequences of good or bad ratings, workers do not clearly
understand this control mechanism (Veen, Barratt, and Goods 2020), since they lack full
information, and the standards and criteria are often changed unilaterally by the company.
These changes are eventually reflected in the algorithm's code (Griesbach et al. 2019).

Companies justify the opacity of algorithmic operation by invoking market competition, arguing
that the algorithm’s design, code, and underlying principles must remain confidential to
preserve competitive advantage (Rani and Furrer 2021). However, for example, Spain became
the first country where, in 2021, the Supreme Court ruled that the worker’s right to information
in platform labor also includes access to the mathematical and other types of information that
determine working conditions. Companies were required to disclose information about the
algorithm’s functioning to workers” unions (Aranguiz 2021). The Chinese government has also
introduced several regulations requiring companies to explain their algorithms to workers in
understandable terms (Li et al. 2025).

The lack of transparency and incomplete information has naturally led to the emergence of
online forums and social media groups. These virtual spaces have become key places for
workers to share and receive information, exchange experiences, provide emotional support
and solidarity, and social sense-making (Min Kyung Lee et al. 2015).

3. The Shift of Risk to the Worker and Precarity of Work

By delegating managerial "authority" to algorithms, companies have shed their responsibilities
as employers, while workers have been reclassified as self-employed, independent contractors,
or micro-entrepreneurs. In traditional employment relationships, worker status is linked to a
range of social benefits in many countries. Independent contractors, however, are typically not
entitled to unemployment benefits, paid leave, overtime compensation, reasonable
accommodation (for persons with special needs), protection against workplace discrimination,
the right to unionize, and more.

The gig economy is an extreme manifestation of shifting risks from employers to workers. David
Weil referred to the fissurization of traditional employment, through outsourcing,
subcontracting, franchising, and gig work, as the "fissured workplace." Through this process,



employers reduce their obligations to provide benefits and protections, allowing them to avoid
business risks and distance themselves from their role as social partners.

In many countries, this is compounded by fiscal constraints on governments, the weakening of
the welfare state, and the deterioration of social programs, despite growing demand for them
(Hacker 2016). As employers and the state withdraw from their responsibilities, the burden of
risk increasingly falls on individual workers.

In general, five methods of shifting risk onto workers are identified, and these are clearly
evident in unregulated gig work as well (Bieber and Moggia 2021):

1. Short-term contracts — Labor laws typically restrict employers from dismissing employees
without notice. However, the short-term contracts common in the gig economy allow
companies to hire workers temporarily, avoiding the need for formal dismissal, since contracts
expire quickly on their own.

2. Non-fixed working hours — The lack of guaranteed working hours is another way in which
business risks are transferred to the worker. The most extreme version of this is the zero-hours
contract, where companies only call on workers when needed.

3. Variable pay — Compensation that depends on the completion of specific tasks or the
achievement of set goals. This model places income uncertainty on the worker.

4. Flexible scheduling — While it allows businesses to respond swiftly to demand, for workers, it
requires constant availability. They may be summoned at any time and often end up working
regular overtime.

5. Reduced insurance coverage — Social insurance (such as unemployment or health insurance)
helps mitigate risks faced by workers. Traditionally, such costs were shared between employers
and employees. In non-standard forms of employment, however, employers are far less likely
to participate in these schemes, avoiding additional expenses.

This is particularly evident in localized platforms. Workers are not offered employment
contracts, fixed working hours, guaranteed hourly wages, defined start or end times for shifts,
or insurance coverage (Bieber and Moggia 2021).

Labor laws, originally designed to ensure fair labor standards and protect workers, now
indirectly facilitate these shifts, as they often fail to account for the increasingly complex
organization of modern work. As a result, regulations that were meant to safeguard labor
standards, reduce health and safety risks, and ensure economic stability are no longer effective
in the current context (Weil 2014).

In recent years, some platform workers have managed, through collective organizing, to obtain
employee status, form professional unions, and thus gain access to social benefits in certain



countries (Vandaele 2023). In 2024, the European Union also adopted a directive that regulates
both the employment status of platform workers and issues related to algorithmic transparency
and informational asymmetry. Member states must implement the directive into national
legislation within two years (European Council 2024). However, in many places—including
Georgia—platform work remains largely unregulated.

The fissured work environment has weakened workers’ bargaining power, increased labor
precarity, and exacerbated income inequality (Weil 2014).

3.1. Precarity of Work

When discussing precarity, it is essential to examine another key component of platform work:
flexibility. This includes task flexibility (the ability to choose which tasks to accept), spatial
flexibility (the ability to choose the work location) (Dunn, Munoz, and Jarrahi 2023), and time
flexibility (Kahancovd, Meszmann, and Sedlakova 2020). Flexibility—alongside autonomy—is
one of the main reasons people engage in gig work (Rosenblat and Stark 2016; Dunn, Munoz,
and Jarrahi 2023). The absence of fixed working hours allows workers to combine platform work
with other responsibilities, such as education, family, leisure, and more (De Stefano 2015).
However, this same flexibility, especially temporal flexibility, has become a central dimension of
precarity in platform labor (Dunn, Munoz, and Jarrahi 2023; Kahancova, Meszmann, and
Sedlakova 2020).

There is no single, universal definition of precarity, but labor is generally considered precarious
when workers lack the guarantees typical of a standard employment relationship. Platform
work exemplifies this. Its demand-based and unstable nature places workers in precarious
positions and, in effect, deprives them of the ability to plan for the future (Bieber and Moggia
2021). Precarious work can be characterized by three key features (Olsthoorn 2014):
a) Unstable employment — the worker knows they might not have a job in the short term;
b) Poor support mechanisms — limited workplace rights and protections; c) Vulnerability — the
worker is exposed to the risks of job instability and poor working conditions.

In modern platform labor, even more indicators of precarity have been identified. Based on
their study of gig work in developed countries, Kahancova, Meszmann, and Sedldkova (2020)
define six such dimensions:

1. Income — Precarity is present when income is at least two-thirds below the median wage. It
is also noted that platform work is typically not regulated by labor law, and any wage-related
regulations (where they exist) do not apply to it. However, income-related precarity depends
on whether platform work is the worker’s primary or supplemental source of income.



2. Job stability — In this case, precarity refers to the reduced protection of employment
compared to standard employment relationships. This includes flexible work conditions,
seasonal fluctuations, direct impact of customer ratings and reviews on work availability, and
the lack of protection mechanisms in case of job termination.

3. Social protection — Precarity stems from limited or non-existent social protection guarantees,
including restricted rights to leave and collective benefits, which are tied to specific work
arrangements (such as small contracts, zero-hour contracts, self-employment, and other
similar models).

4. Working time — Precarity is linked to unpredictable working hours and the overall volume of
work time, which often includes excessive and frequently unpaid overtime.

5. Workplace autonomy — Precarity may arise from inadequate working conditions, including
limited access to training and skill development, absence of career advancement opportunities,
increased risk of work-related stress, lack of information, and pressure resulting from real-time
user ratings, feedback, and reviews.

6. Collective representation — In this dimension, precarity emerges from limited access to
collective representation of interests. This is partly because traditional labor unions rarely focus
on platform workers. On the other hand, the nature of platform work, where workers have few
opportunities to interact, prevents the formation of a collective identity and the defense of
their interests.

According to these criteria, if we look at developed countries, where the social safety net is
strong and employment relationships offer numerous advantages to workers, we can
confidently say that gig work is indeed more precarious compared to standard employment.
However, in developing countries, particularly in low- and middle-income states, the gig
economy has contributed to increased employment and poverty reduction (Wood et al. 2018).
In contexts where labor conditions are already poor, the gig economy offers employment
opportunities to individuals who would otherwise be jobless or forced to work under even
worse conditions (Tan et al. 2021; Min Kyung Lee et al. 2015). However, this does not mean
that platform work in these countries, including Georgia, is not precarious. On the contrary, in
such contexts, both standard and non-standard forms of labor are characterized by precarity.

Conclusion

Platform work was supposed to be a solution for workers, offering flexible schedules and
autonomy. However, algorithmic management, or control through directives, rating systemes,
and reward-and-punishment mechanisms, significantly limits the scope of that autonomy. In
addition, workers have limited information about how algorithmic management operates, or
about the algorithms themselves. This informational vacuum is often filled through their own
observations and discussions on online forums.



This form of platform labor has taken shape as a result of two major processes: 1. The
fragmentation of jobs, during which the structure typical of standard employment relationships
breaks down. The social contract that once existed between workers and employers has
disappeared. 2. Employers have shed responsibility for the social guarantees workers used to
receive from them. And when the state also fails to provide an adequate social protection
system, all risks are shifted onto the worker.

As a result of these processes, work has become precarious, creating an unstable environment
that weakens the worker. Platform workers experience stress due to unstable income, instability
of the workplace itself, unregulated working hours, lack of social guarantees, and limited
autonomy on the job.

In some countries, platform workers have succeeded in securing coverage under labor law and
have formed professional unions. However, in many places, this remains an unattained goal.

Bibliography

Aranguiz, Ane. 2021. ‘Spain’s Platform Workers Win Algorithm Transparency’. 18 March 2021.
https://www.socialeurope.eu/spains-platform-workers-win-algorithm-transparency.

Bieber, Friedemann, and Jakob Moggia. 2021. ‘Risk Shifts in the Gig Economy: The Normative
Case for an Insurance Scheme against the Effects of Precarious Work*’. Journal of
Political Philosophy 29 (3): 281-304. https://doi.org/10.1111/jopp.12233.

Calo, Ryan, and Alex Rosenblat. 2017. ‘The Taking Economy: Uber, Information, and Power’.
Columbia Law Review 117 (January):1623.

De Stefano, Valerio. 2015. ‘The Rise of the Just-in-Time Workforce: On-Demand Work,
Crowdwork, and Labor Protection in the Gig-Economy’. Comparative Labor Law &
Policy Journal 37 (3): 471-504.

———. 2016. ‘Introduction: Crowdsourcing, the Gig-Economy and the Law’. SSRN Scholarly
Paper. Rochester, NY. https://papers.ssrn.com/abstract=2767383.

Duggan, James, Ultan Sherman, Ronan Carbery, and Anthony McDonnell. 2020. ‘Algorithmic
Management and App-Work in the Gig Economy: A Research Agenda for Employment
Relations and HRM'. Human Resource Management Journal 30 (1): 114-32.
https://doi.org/10.1111/1748-8583.12258.

Dunn, Michael, Isabel Munoz, and Mohammad Hossein Jarrahi. 2023. ‘Dynamics of Flexible
Work and Digital Platforms: Task and Spatial Flexibility in the Platform Economy’.
Digital Business 3 (1): 100052. https://doi.org/10.1016/j.digbus.2022.100052.

European Council. 2024. ‘EU Rules on Platform Work’. Consilium (blog). 2024.
https://www.consilium.europa.eu/en/policies/platform-work-eu/.

Gandini, Alessandro. 2019. ‘Labour Process Theory and the Gig Economy’. Human Relations
72 (6): 1039-56. https://doi.org/10.1177/0018726718790002.

Gerdon, Frederic, Ruben L Bach, Christoph Kern, and Frauke Kreuter. 2022. ‘Social Impacts of
Algorithmic Decision-Making: A Research Agenda for the Social Sciences’. Big Data &
Society 9 (1): 20539517221089305. https://doi.org/10.1177/20539517221089305.



Goods, Caleb, Alex Veen, and Tom Barratt. 2019. ““Is Your Gig Any Good?” Analysing Job
Quality in the Australian Platform-Based Food-Delivery Sector’. Journal of Industrial
Relations 61 (4): 502—-27. https://doi.org/10.1177/0022185618817069.

Griesbach, Kathleen, Adam Reich, Luke Elliott-Negri, and Ruth Milkman. 2019. ‘Algorithmic
Control in Platform Food Delivery Work’. Socius 5 (January):2378023119870041.
https://doi.org/10.1177/2378023119870041.

Hacker, Jacob S. 2016. The Great Risk Shift. Oxford University Press.

Harris, Brett. 2017. ‘Uber, Lyft, and Regulating the Sharing Economy’. Seattle University Law
Review 41 (1): 269.

Hochschild, Arlie Russell. 2012. The Managed Heart: Commercialization of Human Feeling. 1st
ed. University of California Press. https://www.jstor.org/stable/10.1525/j.ctt1pn9bk.

Kahancova, Marta, Tibor T. Meszmann, and Maria Sedlakova. 2020. ‘Precarization via
Digitalization? Work Arrangements in the On-Demand Platform Economy in Hungary
and Slovakia’. Frontiers in Sociology 5 (February).
https://doi.org/10.3389/fs0c.2020.00003.

Kellogg, Katherine C., Melissa A. Valentine, and Angéle Christin. 2020. ‘Algorithms at Work:
The New Contested Terrain of Control’. Academy of Management Annals 14 (1): 366—
410. https://doi.org/10.5465/annals.2018.0174.

Li, Yuni, Ling Zhao, Cuicui Cao, and Dongshan Yang. 2025. ‘The Double-Edged Sword Effect of
Algorithmic Transparency: An Empirical Study of Gig Workers” Work Disengagement
under Algorithmic Management’. Information & Management 62 (2): 104100.
https://doi.org/10.1016/j.im.2025.104100.

Min Kyung Lee, Daniel Kusbit, Evan Metsky, and Laura Dabbish. 2015. “Working with
Machines: The Impact of Algorithmic and Data-Driven Management on Human
Workers'. In Proceedings of the 33rd Annual ACM Conference on Human Factors in
Computing Systems, 1603—12. Seoul Republic of Korea: ACM.
https://doi.org/10.1145/2702123.2702548.

Olsthoorn, Martin. 2014. ‘Measuring Precarious Employment: A Proposal for Two Indicators
of Precarious Employment Based on Set-Theory and Tested with Dutch Labor Market-
Data’. Social Indicators Research 119 (1): 421-41. https://doi.org/10.1007/s11205-
013-0480-y.

Rani, Uma, and Marianne Furrer. 2021. ‘Digital Labour Platforms and New Forms of Flexible
Work in Developing Countries: Algorithmic Management of Work and Workers'.
Competition & Change 25 (2): 212-36. https://doi.org/10.1177/1024529420905187.

Rosenblat, Alex, and Luke Stark. 2016. ‘Algorithmic Labor and Information Asymmetries: A
Case Study of Uber’s Drivers’. International Journal of Communication 10 (0): 27.

Rubery, Jill, Damian Grimshaw, Arjan Keizer, and Mathew Johnson. 2018. ‘Challenges and
Contradictions in the “Normalising” of Precarious Work’. Work, Employment and
Society 32 (3): 509-27. https://doi.org/10.1177/0950017017751790.

Stewart, Andrew, and Jim Stanford. 2017. ‘Regulating Work in the Gig Economy: What Are the
Options?’ The Economic and Labour Relations Review 28 (3): 420-37.
https://doi.org/10.1177/1035304617722461.

Tan, Zhi Ming, Nikita Aggarwal, Josh Cowls, Jessica Morley, Mariarosaria Taddeo, and Luciano
Floridi. 2021. ‘The Ethical Debate about the Gig Economy: A Review and Critical
Analysis’. Technology in Society 65 (May):101594.
https://doi.org/10.1016/j.techsoc.2021.101594.



Veen, Alex, Tom Barratt, and Caleb Goods. 2020. ‘Platform-Capital’s “App-Etite” for Control: A
Labour Process Analysis of Food-Delivery Work in Australia’. Work, Employment and
Society 34 (3): 388—406. https://doi.org/10.1177/0950017019836911.

Weil, David. 2014. The Fissured Workplace: Why Work Became So Bad for So Many and What
Can Be Done to Improve It. Harvard University Press.

Won, Jongho, Daeho Lee, and Junmin Lee. 2023. ‘Understanding Experiences of Food-
Delivery-Platform Workers under Algorithmic Management Using Topic Modeling’.
Technological Forecasting and Social Change 190 (May):122369.
https://doi.org/10.1016/j.techfore.2023.122369.

Wood, Alex J., Mark Graham, Vili Lehdonvirta, and Isis Hjorth. 2018. ‘Good Gig, Bad Gig:
Autonomy and Algorithmic Control in the Global Gig Economy”’ 33 (1).
https://doi.org/10.1177/0950017018785.



	Introduction
	1. What Is Platform Work?
	2. Algorithmic Management
	2.1. Mechanisms of Algorithmic Control
	2.1.1. Algorithmic Direction
	2.1.2. Algorithmic Evaluation
	2.1.3. Algorithmic Discipline

	2.2. Algorithmic (In)Transparency

	3. The Shift of Risk to the Worker and Precarity of Work
	3.1. Precarity of Work

	Conclusion
	Bibliography

